
 

Lectureseptemleepois
ang in 1 Cy Xp If
B E R

P

11 11 É I
11 111 ET Iti

Rocs XX Ty

B II XX XIII
e Knx p

g e IR p e RP

Monroe Penrose
pseudo inverse

SVI



X U E V

U E R
m Uta ant

In

E e Knx p

U E R
P XP WI tu

m z p Ip

example

EFF

Tz t o

Ti 02 7 53

To G D 7 TP I 7 O

ETI ETE

sie I f

tidy



set 8 8

VEE u

TABI O
N TIDE UT
ETE E pap

F V Tu Ip

Joes X Roes

XCxXJITy

WEECH Eat
g

U ut y Éj ninety



We no Ui Um i

Wing Sij

XI EE g GR
Ptp

Ei

Tx V Ev

xx wi Evi

V No Na Np i

XXT UE UT e Tat
U EET at

X U



U U EET

u are the eigenvectors
of Xxt

XI has ti has

eigenvalles

e CCP In Illy xp I

Oc

Tp
O XTG xp

Eto

eigenvalues singular
na the 5 To T J Tp

O



ii sample values

E Ex In EI ti
open xi p

war G I É xi a

con Cx g Iti a Gi ing

Fix panpf
Cov Cx y Sfax dy

x x a Cy Mx

p G pay
O

Coo Cx y XI
Cov x

covariancematrix



X Xo x Xp i

E 1

scaling of matrix

Ii
Lai

Mi

XI IF Kxtx

I

I



Ix m

y

o Cgucton Cookin n

L a
Cov Ip to D

g

is this a symmetric
matrix Yes

Diagonal car Xi

carcass
gift

E E it i



con x

scam

yconcept I
I

coulx Inxtx
Linear regression
and derivative of
MS E Hessian Xt

Gii
warp acts

Ridgeregressio
Fridge org

min

BE RP

III y xp E



FE

x'E pi
za ti on
Resaca

penalty

Oc

Tpt
ZIG xp

X Z p o

XI p Xp Ty
Fridge XXIII
x o Tata

Lasso Regression



Passo again
PERP

Hey Xp I

XIE list

X 1113111

Gtf i Sga p

O 13 0

8 O Zay xp

I sgu is

why do we introduce

X as an additional

parameter



Pot

fifer

o_
Bz O F O 8

1 30.0 si o

10 0 20 0

2 O 30 0

PG I 0 0 1 10

77 I 5 o

f Cx pix pox pox

Pax't
k t X



with a parameter X

we can dampen the

fluctuations in p


